PRSI L % & Vol. 4, No. 4 Aug. 2026
Research and Practice of Industry-Education Integration DOI: https://10.58244/rpiei.264005

E T RN B S B A BRI S 155 R BHAR 2R

M 1
VAZTWRSE, PR, A%, TH
2109226489@qq.com

B B AE SRR BS S0P TN H , BERUT T 38 2 e A AL
HARE . PANIEHE 058 R AE I R S R S A s Y, REE A DTRA R
WZRFAA S RIEH . TFaany, FERXAE DN NN E5E M gs, HEAFAANL. S K
)RR SR RERE, Ja AR T BN GRS e B om GPU e ds a4 (MRS A8 )n, N FR 2
AMGRCE . Bl DA B SR, RAERYIET UG, I A BRI ELR, Hik
SEMTIENS. P A G ORAF P RISEIR B, W R FRC E RS R, AR AR
RORGIBAT I [ 2 8] (A o IR 82 ik PO R A 1 3 AR AR, ik an AL
SKRIACRK NG R U] o AL T ERAN NSLBE S, s HoR TR A T & 2 AR BT RE 11
[T

Regid: AN CIETE BB WM SE 150 & im GPU k55 4%

HEFE: MZ LI RFEEZHER AL ONIIZIIE (2025107020300  #4%2 Tk K2R R FAERHT B
WYIZEIH (X202510702184)

An Analysis of the Pathway for Cultivating Undergraduate
Research Skills Based on Computer Vision Dual-Project

Practice

Tong Bu*®”
! Xi’an Technological University, Xi’an, Shaanxi, China
2109226489@qq.com

Abstract: This paper describes my experience in two undergraduate computer vision projects:
creative image generation and real-time street-scene segmentation for Internet of Things applications.
I mainly worked on model implementation, training, debugging, and organizing results. I first tried
to train the models on a personal computer. Limited GPU memory and long training times led me to
move the main training jobs to rented cloud GPUs. I then had to learn how to set up the environment,
upload data, and save logs. Once the models could run, | compared their outputs with the input images
to decide what to change. Using saved experiment records, the paper discusses the results of different
segmentation configurations and the trade-off between image generation results and running time.
These tasks helped me understand the models more clearly and pay more attention to keeping records
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and explaining results. This is an account of my own experience; the technical metrics are not

measures of students’ research skills.
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