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Abstract As an undergraduate majoring in Computer Science and Technology, I have been fortunate to participate in two re-
search projects successively, namely Intelligent Artistic Creativity: Research on Creative Image Generation Technology Based
on Artificial Intelligence and Intelligent Real-time Street Scene Monitoring and Recognition System for the Internet of Things:
Research on Efficient Street Scene Image Segmentation Technology Based on the Improved DeeplabV3 Model. This paper sys-
tematically reviews my complete research journey. Starting as a beginner with only a superficial understanding of Transformer and
semantic segmentation, I gradually gained in-depth insight into the design philosophy of the StyTR-2 and improved DeeplabV3
model architectures, and further engaged in experimental verification and paper writing. The one-year scientific research practice
is divided into four key stages: systematic supplementation of basic theories, comprehension of model architectures and innovative
exploration, experimental verification and result analysis, as well as summary, reflection and competency accumulation. This article
elaborately records the cognitive path and growth trajectory of an undergraduate engaging in in-depth learning research for the first

time. It illustrates how I bridged the gap between theory and practice, and transformed from passive knowledge reception to active
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exploration of unknown research frontiers.
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